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i Latex MR, NELREFEM LN,
- REWX, HEMEN https://github.com/billryan/resume
- SRS, HEFEUR https://github.com/posquit0/Awesome-CV

 Qian Liu, Yihong Chen, Bei Chen, Jian-Guang Lou, Zixuan Chen, Bin Zhou, Dongmei Zhang, You Impress

Me: Dialogue Generation via Mutual Persona Perception. In Proceedings of the 58th Annual Meeting of

the Association for Computational Linguistics (ACL-2020)

« Qian Liu, Bei Chen, Haoyan Liu, Lei Fang, Jian-Guang Lou, Bin Zhou, Dongmei Zhang, A Split-and-
Recombine Approach for Follow-up Query Analysis. In Proceedings of the 2019 Conference on Empirical
Methods in Natural Language Processing (EMNLP-2019)

* Haoyan Liu, Lei Fang, Qian Liu, Bei Chen, Jian-Guang Lou, Zhoujun Li, Leveraging Adjective-noun
Phrasing Knowledge for Comparison Relation Prediction in Text-to-SQL. In Proceedings of the 2019 Con-
ference on Empirical Methods in Natural Language Processing (EMNLP-2019)

 Qian Liu, Bei Chen, Jian-Guang Lou, Ge Jin, Dongmei Zhang, FANDA: A Novel Approach to Perform
Follow-up Query Analysis. In 33th AAAI Conference on Artificial Intelligence (AAAI-2019)

& SKILLS
¢ Programming Languages: Python > C# > JavaScript > HTML/CSS = C++

* Deep Learning Tools: FairSeq > AllenNLP = PyTorch > Transformers > Tensorflow

Q HONORS & AWARDS

Ph.D. Academic Excellence Foundation 2021
Baidu Scholarship Top 20 Worldwide 2020
Graduate Student National Scholarship 2019, 2021
Beijing Outstanding Graduate Awards 2017

Byung/in Park

SOFTWARE ARCHITECT  SECURITY EXPERT
42-¢ gu, Seou Re EA

B(+82)10-0030-1843 | & posquitd bj@gmail.com | A www.posquitd.com | Eposquitd | B posquitd

“Be the change that you want to see in the world.”

Summary

Current Site Reliability Engineer at start-up company
tion, and c curity. Super nerd

computer hacki
Interested in devising a bel roblem-solving met|

7+years experience specializing in the backend development, infrastructure automa
es Vim, Linux and 0S X and enjoys to customize all of the development environment
for challenging tasks, and learning new technologies and tools i the need arises

Work Experience

Omnious. Co., Ltd.

SOFTWARE ARCHITECT

+ Provisioned an easily managable hybrid infrastructure{Amazon AWS + On-premise) utilizing laC{Infrastructure as Code) tools like Ansible, Packer
and Terraform.

« Built fully automated CI/CD pipelines on CircleCl for containerized applications using Docker, AWS ECR and Rancher.

+ Designed an overall service architecture and pipelines of the Machine Learning based Fashion Tagging API SaaS product with the micro-services
architecture.

« Implemented several API microservices in No

'S Lambda functi
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Compositional Generalization 2020.2 — Present
Compositional generalization is a basic but essential intellective capability of human beings. However, existing
neural models have been proven to be extremely deficient in such a capability. To tackle it, we propose a novel
memory-augmented neural model. Specifically, our model is the first neural model to pass all compositional
challenges addressed by previous works without extra resources. As one of the main contributor, I contribute
the original idea, the model structure and the training protocol.
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- Transformer SCER (#EFF https://github.com/karpathy/minGPT)
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Introduction

QianLiu Joint Ph.D.of BUAA and MSRA

| = Education Background

B:5. and Ph.D. in Beihang University, Computer Science
Ph.D. Supervisor: Qinping Zhao & Jian-Guang Lou
o Internship at MSRA from July 2016 to Now

Towards Data-Efficient Semantic Parsing

—

Qian Liu (%] #)
qian.liu@buaa.edu.cn
Joint Ph.D.of BUAA and MSRA

u Research Interest
o Natural Language Processing
, Semantic Parsing

= Rk TAE 10 ] /4

Direction 3: Intelligent Programming Part 2. Unleash the Power of Task Data

Previ

3 { Whatis id of the car with the max capacity? }=~

Sorry, I do not understand
“oapacity”. What does it mean:

E A. Horsepower
C. Make

SQL Executor |

Interact with users when it does not
understand the question.

Learning latent program unleashes the power of task
data, even making it compete with program data.

D. None

@ Latent Program Learning

Our Work

B SQL Executor

| tworthy
4 Alignwith user feedback through
1 interpretable design.

SELECT 1d FROM CARS_DATA .
B8 { omomr 5 Horsepower pEsc LMt 1

LiuQ et 1, TAPEX: Table Pre-training via Learning a Neural SQU Executor. ICLR 2022 Top Score (131, Nov. 91
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Y Research 15 1op cont. papers 2= 4 Eb
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MU Tsinghua

g Industry 3 Microsoft Products

Power BI

. Honor 20 Baidu Scholarship

Overview of Talk

Goal Achievement

Combine LMs with Rules
X.YZ% acc in 1 week

DA Part 3. Proxy Real Data
with Synthetic Data
m Part 2 Unleash the

+ | Powerof TaskData

Latent Program Learning
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Abstraction g7 Compositional Generalization

Natural language and programming language are both abstractive, of the sort
that can be captured by variables with symbolic functions.

Current Semantic Parsing Our Semantic Parsing
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Insight: Decomposition for Better Generalization

Performing task decomposition (i.e., decomposing a complex task into
relatively simple tasks) improves the compositional generalization.
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